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• IN THE NORTH SEA, THE LONG TERM EFFECTS OF OPERATIONAL OFFSHORE WINDFARMS ON MARINE 

MAMMALS DISTRIBUTION REMAIN UNCLEAR[1,2,3] 

• PREVIOUS APPROACHES FOR POTENTIAL WINDFARM EFFECTS WERE MORE FOCUSED ON BEFORE-

AFTER COMPARISONS WITHOUT CONSIDERING THE SPATIAL AND TEMPORAL DYNAMICS OF THE DATA 

• WE APPLY A  SPATIAL EXPLICIT POINT PATTERN ANALYSIS APPROACH WITHIN A BAYESIAN 

FRAMEWORK TO OVERCOME STATISICAL COMMON ISSUES DEALING WITH THIS TYPE OF DATA[4,5] (I.E. 

SPATIAL STRUCTURE, EXCESS OF ZEROS…) 

DATA: SERIES OF 35 AERIAL SURVEYS PERFORMED BETWEEN 2015 AND 2018 DURING DIFFERENT SEASONS COVERING AN AREA OF 2750 KM2  

SAMPLING METHOD: HIDEF METHOD[6] (2 CM RESOLUTION VIDEO,  LAND BASED IMAGE ANALYSIS  AND QUALITY ASSESSMENT) 

STUDY AREA:  BUTENDIEK OFFSHORE WINDFARM. GERMAN NORTH SEA. NO INTERFERENCE FROM NEAR WINDFARMS 

STATISTICAL METHODS: WE APPLIED A POINT PATTERN ANALYSIS USING AN INLA-SPDE APPROACH [4,5]  

             DISTANCE TO THE WINDFARM WAS INCLUDED IN THE MODEL AS A SPATIAL RANDOM EFFECT 

             ANALYSIS WERE PERFROMED IN R-SOFTWARE[7]  USING THE LIBRARY INLABRU[8]  
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